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The two graphs above show the distribution of travel demand and travel time, respectively. The graph on the left shows us how travel demand
varies from city to city throughout the day. In general, their travel demand distributions are similar, i.e., travel demand is low from nighttime to
early morning, and travel demand rises sharply after about seven o'clock and continues into the evening. However, the peak phase of travel
demand is different at different times of the day. The graph on the right shows us the distribution of the average travel time of different cities in
recent years. It can be seen that before the impact of Covid-19 (by 2020), travel times increased slightly in most cities. However, some major
cities such as London and Los Angeles have significant fluctuations in travel times in recent years.

The figure on the right shows a framework for
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to a bias in the speed estimation.
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